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Technical change, even if it is limited in scope, can have effects that ripple
throughout the economy. Here a flexible and tractable framework, with heteroge-
neous workers and technologies and many tasks, is used to analyze the general
equilibrium effects of technical change for a limited set of tasks. The equilibria fea-
ture positively assortative matching between workers and technologies. The effects
of technical change on employment, output, prices, and wages up and down the
skill and technology ladders are sharply characterized. The effects of low-skill im-
migration, minimum-wage legislation, and international trade are also described.

I. Introduction

Technical change, even ifitis limited in scope, can have employment, out-
put, price, and wage effects that ripple through the whole economy. This
paper uses a flexible and tractable framework, with heterogeneous work-
ers and technologies and many tasks/goods, to analyze in detail the gen-
eral equilibrium effects of technical change for a limited set of tasks. Tech-
nology and human capital are assumed to be complements in production,
so the labor market—which is competitive—produces positively assortative
matching between technologies and skills: tasks /goods with better technol-
ogies are produced by workers with more human capital. But the quantita-
tive allocation of workers to technologies is endogenous, determined by
demands for the tasks that are produced. Hence, technical change for a
limited set of tasks produces changes in employment, output levels, prices,
and wages for tasks and workers not directly affected.

Why is a model of this type useful? Not only do wage differentials across
skill or occupational categories change over time, but even the trends shift.
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As documented by Goldin and Katz (2007) and described both succinctly
and accurately in their title, the wage structure in the United States has
seen “narrowing, widening, and polarizing” over the past century.' Expla-
nations for these trends always involve shifts in the relative supply of and
demand for skill, with shifts in demand arising from technological change.
What has been missing from the discussion is a unified way to analyze how
technology and skill are matched that is flexible enough to accommodate
all of these trends as possible outcomes. The usual model, which features
two skill groups and labor-augmenting technical change for each group,
can explain narrowing or widening of wage differentials (with skill-biased
or unskilled-biased technical change) butis inadequate to talk about polar-
izing.

The model here fills this gap. It has many intermediate goods/tasks,
which are combined to produce a single final good. Tasks differ in terms
of their technology level, so there is a one-dimensional technology lad-
der, and workers differ in their human capital, so there is also a one-
dimensional skill ladder. All production functions display constant re-
turns to scale, and all markets are perfectly competitive, so firms, as such,
play no role. A competitive equilibrium consists of an allocation of skill
types to tasks and a supporting set of prices and wage rates. Complemen-
tarity between skill and technology implies that the equilibrium features
positively assortative matching (PAM), as in Becker’s (1973) classic model
of partnership formation.

After an improvementin one technology, affecting a limited set of tasks,
laboris reallocated across all tasks, and all prices and wage rates change. In
the model here, those effects can be sharply characterized analytically and
easily computed numerically.

The results are intuitively appealing. First, and unsurprisingly, output
increases and price falls for tasks that are directly affected by the technical
change. General equilibrium effects are never strong enough to offset the
direct effect of the shock. The effects on employment depend on the elas-
ticity of substitution across tasks and on the change in relative match qual-
ity. To assess match quality, note that because the equilibrium features
PAM, the set of skill levels employed at any particular task form an interval.
Call this the “skill bin” for that task.

For elasticities across tasks that exceed unity, the substitution effect
works toward pulling labor into the production of tasks that are directly
affected. Since the change is an improvement in technology, this effect is
reinforced at the upper threshold of the affected skill bin. Hence, em-

! Ober (1948) documents in detail the narrowing of wage differentials over the period
1907-47; Goldin and Margo (1992) describe the rapid compression in the 1940s, followed
by a slow widening in the 1950s and 1960s that accelerated in the 1970s and early 1980s; Katz
and Murphy (1992) show that the college premium rose slowly in the 1960s, fell during the
1970s, and rose sharply in the 1980s; and Autor, Katz, and Kearney (2006), Machin and Van
Reenen (2007), and Autor and Dorn (2013) document labor market polarization after 1980.
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ployment necessarily expands to a group of more highly skilled workers.
Consequently, employment falls at tasks farther up the technology ladder,
so outputs decline, and prices and wages rise. The effects are stronger for
tasks with technologies closer to the one enjoying the technical change
and damped for tasks farther up the ladder.

At the other end of the affected skill bin, the tendency to pull more la-
borin is offset by the fact that the labor is a less suitable match for the newly
improved technology. Either of these forces can dominate, so employ-
ment at the lower threshold can expand to less skilled workers, or it can
contract. If it expands, employment falls at tasks farther down the ladder,
so outputs decline, and prices and wages rise. If it contracts, outputs far-
ther down the ladder increase. In either case, the changes are damped
for more distant tasks. The direction of the change at the lower threshold
depends, in part, on the level of employment at the affected and neigh-
boring tasks.

For elasticities of substitution across tasks below unity, the previous re-
sults are mirrored and reversed. The substitution force works toward push-
ing labor away from tasks that are directly affected, to increase output of
complementary tasks.

At the lower threshold of the affected skill bin, this effect is reinforced
by the fact that the less skilled labor at this threshold has become a worse
match for the newly improved technology. Hence, employment at the af-
fected tasks contracts among less skilled workers. Consequently, employ-
ment expands for tasks farther down the ladder, and outputs rise, with
damped changes for more distant tasks. Prices and wages may fall for
some tasks and workers closest to those affected by the technical change.

At the upper threshold of the affected skill bin, the tendency to push
labor out is offset by the fact that more highly skilled labor is a better
match for the newly improved technology. Hence, employment at the af-
fected tasks can expand or contract. If it expands, employment falls at
tasks farther up the ladder, so outputs decline, and prices and wages rise.
If it contracts, employment and output increase for tasks farther up the
ladder. In either case, the changes are damped for more distant tasks.

In the cases where the direction of the net effect is ambiguous, the
range of the affected skill bin is important in determining the sign. For
elasticities that are not too close to unity and narrow skill ranges, the ef-
fects are rather symmetric up and down the ladder from the tasks affected
by the technical change. For elasticities that are close to unity, the signs
are ambiguous, but the magnitude of the change is likely to be small.

As noted above, firms play no role in the analysis, and even the word is
(mostly) avoided. Each worker chooses how to use his labor endowment,
combining it with any of the available technologies. The worker’s deci-
sion can be viewed as a choice about an occupation, with his task output
used in production of the single final good.

In some contexts, the distinction between human capital and technol-
ogy is blurred. Here, human capital is an asset that belongs to a single
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worker, who is the only one able to employ it in production. Technologyis
a nonrival input, used by all workers producing a particular task. Framed
in terms of competitive firms, the technology for producing a particular
task is available to all. However, as is shown below, the equilibrium can
readily be reinterpreted as one with monopolistically competitive firms
and the technology as intangible capital that is the property of the pro-
ducer. In either case, the fact that it is a nonrival input distinguishes it
from both human and physical capital.

The vast literature on vintage capital models suggests that the distinc-
tion between new technologies and new capital is also blurred. If a new
technology requires new investment for its implementation, giving it one
label or the other is largely a matter of taste. Here, physical capital is ig-
nored, so implementing improved technologies requires no investment.

The rest of the paper is organized as follows. Section II discusses the re-
lated literature. Section III presents the basic model and characterizes the
competitive equilibrium. The main results are contained in Section IV,
where the model is used to study the effect of technical change for one
set of tasks. In particular, we ask how the labor allocation, task outputs,
task prices, and wage rates change, for all tasks and workers. A sufficient
condition is provided for the conclusion that “a rising tide lifts all boats,”
that the improvement raises wages for all workers, even those paired with
technologies that are unaffected. Section V shows how the model can be
used to address policy questions: the effects of a minimum wage, of immi-
gration, and of opening to international trade. It also analyzes the effects
of eliminating PAM and of eliminating technological heterogeneity. Sec-
tion VI concludes. Mathematical arguments and proofs are gathered in
the appendix.

II. Related Literature

The model here is related to the extensive theoretical literature on skill-
biased technical change and to the literature on assignment models of
the labor market.

The first models of skill-biased technical change have two types of
workers, high-skill and low-skill, performing distinct and imperfectly sub-
stitutable tasks. In particular, the aggregate supplies of the two types of
labor are inputs into a constant-elasticity-of-substitution (CES) produc-
tion function for the single final good, with separate (factor-augmenting)
technology shocks for each type. Acemoglu (2002) provides an elegant
treatment of this model and studies its ability to account for some of
the major trends in employment, wages, and skill premia in the United
States.

Acemoglu and Autor (2011), who call it the “canonical” model, provide
a nice assessment of its limitations as well as its strengths. They point to
four limitations in particular. First, technical change, whether it is skill-
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biased or unskilled-biased, necessarily increases the wages of both groups.
The model cannot produce wage declines. Second, because there are only
two types of labor, it cannot explain the “polarization” in the wage struc-
ture observed in recent years, as documented in Autor, Katz, and Kearney
(2006) and Autor and Dorn (2013). Third, because it does not distinguish
between skills and tasks, it is inadequate for studying the impact of tech-
nical change that affects only particular tasks. And finally, it cannot ex-
plain changes in the allocation of skill groups across tasks. Dealing with
the last two limitations requires a model that distinguishes between skills
and tasks.

Acemoglu and Autor (2011) also describe four features that they would
like to see in an alternative to the canonical model. These are an explicit
distinction between skills and tasks, at least three skill groups, compara-
tive advantage at different tasks across different skill groups, and the abil-
ity to produce conventional substitution and complementarity across
skill groups. The authors go on to develop a model with three skill groups
(plus capital) and many tasks, with production technologies for each task
thatare linear in the four inputs. The factor weights in the linear technol-
ogies are assumed to have the property that higher-skill types have a com-
parative advantage in higher-index tasks. A limitation of this setup is that
improvements in a “technology”—a labor-augmentation coefficient in
the production functions—affect only a single skill-task pair.

Relative to the framework in Acemoglu and Autor (2011), the model
here has many skill groups as well as many tasks. In addition, comparative
advantage arises endogenously as a consequence of the production func-
tion, which has skill and task technology as inputs.

Another strand of the literature on technical change adds physical cap-
ital as a factor of production, as in Autor, Levy, and Murnane (2003) and
Autor and Dorn (2013), and sometimes uses the strong decline in capital
(equipment) prices observed in the data as the technology shock, as in
Krusell et al. (2000). In these models, physical capital can enter as a sub-
stitute for low-skill or routine labor, reducing its wage rate, or as a comple-
ment to high-skill labor, raising its wage rate. Thus, increasing the supply
of physical capital can produce a wide variety of effects on wages and em-
ployment patterns, depending on the type of capital. The model here has
no physical capital. Although it could be added, the price in terms of trac-
tability is not clear.

The extensive literature on assignment models goes back to Roy
(1950), who used a multidimensional description of ability. In an impor-
tant contribution, Sattinger (1975) uses a model very similar to the one
here to examine the partial-equilibrium problem of a single employer
choosing what types of workers to hire to perform various tasks. This lit-
erature is nicely reviewed in Sattinger (1993). Virtually all of it is partial
equilibrium, while the setup here is a general-equilibrium model.

The model here is closest to the one in Costinot and Vogel (2010).
Their model, like the one here, is a general-equilibrium setup with one-
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dimensional heterogeneity of both workers and tasks. On the technology
side, the model here is a special case of theirs. Specifically, in the model
here skill and technology are inputs into a CES function with a substitu-
tion elasticity (strictly) less than unity, while in Costinot and Vogel, the
production function is required only to be (strictly) log-supermodular.
Thus, the function here satisfies the requirement in Costinot and Vogel,
but the converse does not hold. The additional assumption brings two im-
portant advantages, however.

The first advantage is that the model here puts no restriction on the
type of technology shocks that can be analyzed. The shocks studied here
are limited in scope, affecting only one set of tasks. In terms of the distri-
bution function for technologies, a “simple” shock of this type is a right-
ward shift over a limited range. Thus, it satisfies first-order stochastic
dominance (FOSD).

Costinot and Vogel’s (2010) framework allows them to look at only two
types of technology shocks, skill-biased and extreme-biased. A skill-biased
shift requires the relevant distribution functions to satisfy the monotone
likelihood ratio property (MLRP), a stronger condition than FOSD, in
general involving shifts throughout the distribution function. A technol-
ogy shiftin Costinot and Vogel is “extreme-biased” if there exists a thresh-
old technology with the property that the relevant distribution functions
satisfy MLRP above the threshold and the reverse condition below the
threshold. Again, extreme-biased shocks can be constructed as weighted
sums of simple shocks.

Second, the results in Costinot and Vogel (2010) are only about relative
wage effects, while the model here delivers conclusions about wage levels
as well as output and task price levels. The relationship between the shocks
here and those in Costinot and Vogel are discussed in more detail in Sec-
tion V.

Costinot and Vogel (2010) also look at shifts in the distribution of skill
that satisfy similar restrictions, increasing either skill abundance or skill
diversity, both defined using MLRP properties. The model and methods
employed here could be slightly modified to study shifts in the skill distri-
bution. Specifically, in the setup here the technology distribution is dis-
crete, and the skill distribution is continuous. As is seen below, this as-
sumption makes it easy to characterize analytically the effects of a small
change in one technology. A model like the one here, but with discrete
skill types and continuous technologies, could be used to study the effects
of shifts in the supply of skills.

In summary, compared with the literature on biased technical change,
the model here allows extensive heterogeneity in both skills and tasks.
Compared with the assignment literature, the model here is general equi-
librium. Compared with Costinot and Vogel (2010), the CES structure im-
posed here makes the solution to the general-equilibrium problem easy to
characterize, both analytically and numerically, allowing sharper answers
to a wider range of comparative statics questions.
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III. The Model

In this section, the technologies are described and the competitive equi-
librium is characterized.

A.  Final-Good Technology

The final good is produced by competitive firms using intermediate goods/
tasks as inputs. A task is characterized by its technology level, x; > 0. There
are [such levels, indexed byj = 1, ..., J,orderedso 0 < x; < x, < ... < x;.
Let v, be the share of tasks with technology level x. The total number
(mass) of tasks is normalized to unity.

Allinputs enter symmetrically into final-good production, but demands
for them differ if their prices differ. In equilibrium, price p; is the same
for all tasks with technology level x. Hence, demand is the same for such
tasks. Let y;denote the (common) quantity for those tasks. The final good
is produced with the constant-returns-to-scale technology,

; o/(p—1)
e = (2%5?5"”/ ) : (1)
j=1

where p > 0 is the substitution elasticity. For p = 1, the technology is
Cobb-Douglas.

The final-goods sector takes the prices p; as given. As usual, input de-
mands are

y = (%) j)yp, all 7, (2)

and the price of the final good is

J 1/(1=p)
pr = ( m“’) : (3)

We take the final good as numeraire throughout, indexing pricesso pz = 1.
Input costs exhaust revenue, so there are no profits.

The analysis could be extended to include weights on tasks. Let {w;}i_,
be a set of values for the weights, and let 0;; be the share of tasks with the
(technology, weight) pair (x;, w;). Then, output of the final good is

I 1o o1} o/(p=1)
— o ~(p—1)/p
Yr= (2 0iwi " Yji ) )

1

Jj=1i

where 3 is the input of a task with characteristics (x;, w,). It is straightfor-
ward to show that, in this setting, prices p; do not depend on 7 and that
demand for each task is

Vi = Wi, all i,j,
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where {p], y]}]/»:l, the aggregates y and py are as above, and
I
Yi = Eo'ﬁo)l’, all ]
i=1

Output and employment vary with w; across tasks with the same technol-
ogy x;, but the wage structure in the economy depends only on the v,’s.

B.  Differentiated-Good Technology

Tasks are produced with heterogeneous labor, characterized by its skill
level A, as the only inputs. Assume that £ has a continuous distribution.
Let G(h), with density g(h) on H = (Auin, fnae) and 0 < Jiin < o < 0,
denote the distribution of skill across workers. The total size (mass) of
the workforce is normalized to unity, and labor supply is inelastic: each
worker supplies one unit.

The total output of a task depends on the size and quality of the work-
force producing it, as well as its technology level x;. In particular, if a task
with technology x; employs workers of various human capital levels, with
£;(h) > 0 denoting the number (density) of each type, then total output s

5 = sz(h)¢(h, x;) dh, all 4,
where ¢ (A, x) is the CES function
(b(h, x) = [wh(nfl)/n + (1 _ w)x(nfl)/n]ﬂ/(nfl), nwe (O, 1). (4)

The elasticity of substitution 5 between technology and human capital
is assumed to be less than unity, and w is the relative weight on human
capital.

C. Equilibrium

An equilibrium consists of a final output level yg, task outputs and prices
{v, p]},[:l, a wage function w(%), where & € H, and an allocation of labor
across technologies that satisfy the usual optimization and market-clearing
conditions.

The model allows two interpretations about market structure. One is
that each task is produced by competitive firms, with each firm choosing
to employ skill types that minimize unit cost. In this case, competition in-
sures that each worker is paid his marginal revenue product.” Alternatively,
one can suppose that workers simply choose which task to produce, with
each worker choosing a task—a job—that maximizes his income. In either

2 Ifp > 1, profitmaking firms could be introduced by assuming that each task is supplied
by a unique producer. Under this assumption, the allocation of labor, output of each task,
and prices would be unchanged, but wages would reduced by the factor (o0 — 1)/p, with the
residual revenue going to profits.
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interpretation, task prices are taken as given by the decision maker—the
firm or the worker.

In principle, the allocation of labor could be quite complicated, with
any technology level x; employing workers with skill % in various disjoint
intervals and with workers of a given human capital level 2 producing
goods with different technologies x;. This does not occur in equilibrium,
and it is straightforward to see why not.

Since labor markets are competitive, the allocation of labor across tech-
nologies is efficient. And since the elasticity of the CES function ¢ is less
than unity, it is log-supermodular. Hence, efficiency requires PAM: work-
ers with higher skill 2 work with higher technologies x; (Costinot 2009).
Consequently, the equilibrium labor allocation is characterized by thresh-
olds hyin = by < by < ... < b1 < b = hu, where technology x; employs
workerswith skill 2 € (-, b;). We refer to the interval (b, &;) as “skill bin
4.7 An individual with human capital 2 = b, is indifferent between work-
ing with technologies x;and x;.,. Since the distribution function Gis con-
tinuous, the set of such workers has measure zero, and they can be allo-
cated to either bin.

Equilibrium also requires market clearing for goods and labor. Thus,
the equilibrium conditions are

1. income maximization by all types of labor,

w(h) > po(h %),  allh,

5)
with equalityif 4 € [4-1, 5], all 7;

2. market clearing for tasks: {y;, p]-}'][:l satisfy equation (2), with yr as in
equation (1); and
3. labor market clearing,

J/ ¢(h’ x]-)g(h)dh =YY all 5. (6)

by
The first condition implies that each task is priced at unit cost, and the
last says that the total productive capacity of labor with skill z € (b, b;)
is sufficient for production of tasks with technology x;.

The allocation of labor within any skill bin (i, §;) across tasks with
technology x;is, to some extent, indeterminate. Equilibrium determines
only the output level y;, which is the same across tasks with technology
level x;. For concreteness, we can suppose that each task is produced by
skill types in the interval (b, b;) in proportion to their representation
in the population, but this is not required.”

* Since ¢ has constant returns to scale, the number of firms producing any task—if firm
are introduced into the narrative—is indeterminate. Only the total (productivity-weighted)
labor input and total output are determined in equilibrium.
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To characterize the thresholds {bj}jl;l1 , note that condition (5) implies

w'(h) _ éu(h, %) .
w(h) o(h,x) he (b1, ), all j. (7)

Hence, the equilibrium wage function is piecewise continuously differen-
tiable, with kinks at the points {4,}/_,.

Since workers with skill ; are indifferent between working with tech-
nologies x;and x;.1, it follows immediately from condition (5) and equa-
tion (2) that

P _ 9(b )

= A 8
PRI ©
o ($0,5)Y
Y (U0 %)) =1,...,]—1. 9
y]- <¢<b],x]-)> S ] ©

Unit cost and price are strictly decreasing in j, and output is strictly in-
creasing: goods with better technologies have lower prices and higher
sales. If p > 1 (p < 1), then total revenue is increasing in j (decreasing
in j).

To characterize equilibrium, combine equations (6) and (9) to find
that {5,}/_) satisfy

i i1 [ Db x5 WE .
J,, g(W)p(h, x4 ) dh = 77_ <7¢f(b_xx3)> Jlig(h)qS(h, x)dh,  j=1,...] 1
: T o)

Since 5 < 1, the ratio ¢(b;, x1)/¢(b;, x;) is strictly increasing in b, There-
fore, since by = hi, is given, for any conjectured b, the sequence {b]}]/:z
defined recursively by using equation (10) is increasing in 4,. Equilibrium
requires b, = h,.. Thus, a solution exists, and it is unique.

Define ¥; to be the “total productivity” of labor in the jth skill bin,

¥, = J’/ s(hx)g(h)dh,  j=1,...]. (11)

b

)j-1

Then use equation (6) to write the output of each type of good as

1 .
y ==Y, j=1..,], (12)
Yi

and write equation (10) in the more symmetric form

-, 1 |
¢ (b, %41) p;‘l’fﬂ = ¢(b, %) p?‘l’.f’ Jj=L.J-1 (13)
J J



Technology, Skill, and the Wage Structure 353

D. Skill Allocation

To see more clearly how workers and technologies are matched, it is use-
ful to look at potential-wage functions, like those in Neal and Rosen
(2000, fig. 3.1). Let w”(h, x;) denote the wage a worker with skill 2 would
earn producing a task with technology x;

w(h,x) = po(h,x),  all b, allj.

Figure 1 displays potential wages as a function of 2 for / = 3 technology
levels.

For fixed x;, the potential wage wP(h, x;) is strictly increasing in k, so each
curve is upward sloping. As a function of x; there are two effects. First, the
price p;is decreasing in x;, so the intercept decreases with x;. In addition,
since ¢ is log-supermodular, a higher x; implies a steeper slope for ¢ as a
function of h. Thus, plotted against A, for various x; values, the potential-
wage functions cross. A worker’s actual wage is the maximum of his po-
tential wages, as in condition (5). Hence, the wage function w(h) is de-
fined by the upper envelope of the four curves, and the crossing points
along the upper envelope are the thresholds 4, that divide the skill range
into bins.

In(w)

log(h)

Figure 1.—Potential wages.
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The three small circles in figure 1 show the choices available to a worker
with skill z. The potential wage for that worker increases moving from x;
to x,, but it falls moving from x, to x,, so that worker chooses x,.

In a model with search frictions, these points would represent rungs on
a job ladder for a worker with skill 4, This worker’s first job might come
from an employer of any type. That firm would pay him his reservation
wage, not his marginal revenue product, so his initial wage would lie below
all of the displayed values. But subsequently, outside offers from other
firms would raise his wage, for two reasons. If the outside firm was a better
match, he would change jobs and receive a wage increase. But even if the
outside firm was an equivalent (or possibly worse) match, his wage might
be bid up by competition, although in this case he would not change jobs.

IV. Technical Change

This section looks at the effects of technical change that improves one
technology by a small increment, with all others unchanged. Specifically,
it characterizes the effect on the labor allocation, described by the thresh-
olds {,}-}, on the output levels and prices {y,, $,}/-, for all tasks, and on
the wage function w(h).

The main forces can be previewed in figure 1. Suppose technology x, gets
the improvement. The direct effect is to increase labor productivity for
workers in skill bin £, raising w?(-, x,) and making it slightly steeper. But
the higher labor productivity increases y, which depresses the price p, and
tends to raise all other prices, p, where j # k. These price changes lower
wP (-, x,) partway back toward its original level and raise all the other
curves, w”(-, x;), where j # k. The thresholds defining the employment
bins shift, changing employment patterns and wages for all workers.

The rest of this section analyzes these changes in detail. Throughout,
we use “hats” to denote proportionate changes induced by the perturba-
tion, 2 = z7'0z/d¢ for any variable z All derivations and proofs are in the
appendix.

A.  Final Output

Suppose that technical change increases technology x, by a small incre-
ment ¢ > 0, with all others unchanged. Note that the change in output
of the final good yy is a weighted average of the output changes for tasks,

J
e = 2 (14)
j=1
where the weights

1 .
v, = y—ijpjyj, all 7, (15)
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with E,[:lvj = 1, are their cost shares in producing the final good. With
the price of the final good fixed at unity, the relative price changes for
tasks are

p==0r—%), alj (16)

1
0
and the weighted average of the price changes is =_,»;), = p¢ = 0.

Consider first the short-run effects, with labor immobile. Recall the
definition of ¥;, for all j, in equation (11), and let ¥, be the direct effect
of the technology improvement on total labor productivity in skill bin k.
Output increases for tasks produced with technology x;,

. 1 0¥
W=, =———>0, 17
Vi k ¥, 9x, (17)

and is unchanged for all other tasks. Hence, the change in final output is
’/’)\}:R = Vk\i,k > O~

In the longer run, with labor mobile, the changes in {y,}/_, and y, must
be augmented to account for the impact of changes in the skill bins,
changes in the 4s. Let {5"”(¢)}-| denote the solution to equation (13)
as a function of ¢, where by = hy;, and by = h,,, are fixed. Define the
density-weighted changes in the thresholds

B = g()H @), = e~ . as)

with 8 = B_}k) = 0. From equations (11) and (12), the long-run changes
in output levels for tasks are

1 .
jjk = ? (d)(bk) xk)ﬁik) - d)(bkfl, Xk)Bik,)]) + \I/k,
k
. (19)
=g 00, %)8" = 6(b,%)8%),  allj#k

J

The next proposition shows that, to a first-order approximation, the
change in the labor allocation has no impact on output of the final good:
the long-run increase is the same as the short-run increase.
ProrosiTiON 1. In the long run, with labor mobile, the change in out-
putof the final good is, to a first-order approximation, the same as thatin
the short run, j = j*.
This result is not surprising. The potential additional effect in the long
run arises only from the reallocation of labor, changes in the thresholds
{b]}f:_,l defining the skill bins. Since labor markets are competitive, the
baseline allocation of labor maximizes y.. Hence, to a first-order approx-
imation, small changes in those thresholds have no effect on final output.
An increase (decrease) in b;raises (lowers) the output of tasks with tech-
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nology x;, but the effect on final output is exactly offset by the decrease
(increase) in the output of tasks with technology x;.,.

B. Labor Allocation

The changes in the labor allocation do, however, affect task-level outputs
and prices, as well as wages. The rest of this section describes these changes.
To determine the effect on the labor allocation, differentiate equation (13)
and use equation (11) to get a system of | — 1 linear equations for the
changes in the thresholds,

g(k) — MA(k), (20)

where the superscript denotes which technology has been perturbed,
and for any £,

Al(ck)l = —pi)x(bzﬂ, xk) + ‘i’k,
A = po.(bx) — ¥, (21)
AW =, otherwise.

Since A" has at most two nonzero elements—and only one if k = 1 or
k = J—for fixed k the solution to equation (20) involves only A,Ek,)l, Aﬁck),
and the columns M, and M,. In particular,

6](',{) = mj,k—lA;(cli)l + mj,kA;Ek)a j_ 1’ ’] B 1’ (22)

where the first term drops outif £ = 1 and the second drops outif & = J.
Here, Mis the inverse of a tridiagonal matrix, so it has a recursive struc-
ture. Lemma 2 shows that it has strictly positive elements and that succes-
sive row elements above and below the diagonal have ratios that depend
only on the row j.
LemMma 2. All elements of M are positive, and the elements in each
column M, satisfy

Miv1, = g1 M, Jjzn,
(23)

M1, = V1M, Jj<mn,

where {g;.. /- and {r_,}/_, are positive constants.

Lemma 2 can be used as follows. Fix k, and use the first line in equa-
tion (23) to compare successive rows j + 1 > j > kin equation (20). Sim-
ilarly, use the second line in equation (23) to compare successive rows
j—1<j<k—1, concluding that

Bj?l - q]+16]('k)7 ]2 k7
(24)
B =naBY,  j<k—1.
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Thus, all thresholds at or above the kth move in the same direction, and
all those at or below the (k¢ — 1)th move in the same direction. It remains
to determine the signs of Bgf) and 65}“_)1. For this we need to characterize the
two nonzero elements of A,

LemMa 3. For any k,

1. ifp = 1, then A%, > 0 and A" > 0;
2. if p > 1, then Agf) > () and Aﬁfl can have either sign; and
3. if p <1, then Aik,)l > () and A,Ek) can have either sign.

The intuition for lemma 3 is straightforward from equation (21). The
term é.(h, %) is the proportionate change in labor productivity for a
worker with skill 4. Since 5 < 1, it is strictly increasing in k. The term ¥,
is the average value of these changes in skill bin k. If p > 1, then for a
worker with skill §, at the upper threshold of the bin, ¥, < (b, ) <
p(}x(bk, x;) SO AY > 0.1Ifp < 1, then the sign is ambiguous. Similarly, if p <
1, then for a worker with skill 4,_; at the lower threshold of skill bin &,
0b.(bi 1, %) < bu(by 1, ) < ¥,,s0 AY, > 0.1f p > 1, then the sign is am-
biguous.

Can anything more be said about the terms with ambiguous signs? The
answer depends, to a large extent, on how the technology levels are cho-
sen/defined. If the technology grid is fine, then the skill bins are narrow,
so b, is close to b, and A,(f,)l ] —Aik). For p = 1, both are close to zero.

If A, and A" are both positive, then it follows immediately from equa-
tion (22) and lemma 2 that all thresholds shift upward. But even if one
term in equation (22) is negative, then the sign of the sum can sometimes
be determined. Proposition 4 characterize the signs of 3;") and Bi’?l to the
extent that it is possible.

ProrosiTION 4. For any £, an increase in technology x, implies

1. forp =1,

Y >0, allj

2. forp>1,
Y >0,  j=k
Y50,  j<k—1, aspY S0
and
3. forp <1,

B0 jsk-1,

BY S0,  j>k  aspls0.

For p = 1, all thresholds shift upward. For p > 1, the thresholds at and
above the kth shift upward, while those at and below the (k — 1)th can
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shift either way. For p < 1, the thresholds at and below the (k — 1)th shift
upward, while those at and above the kth can shift either way.

C. Task Outputs

From equations (6) and (11), the change in output for a task of type j # k
depends on the sum of the productivity-weighted employment changes at
the two thresholds,

k 1 k k .
i = T (8(b, )8 — (b1, %)), j#k (25)

J

where 8} = B](k) = 0. For goods of type k, the direct effect of the produc-
tivity change must also be added, so

R s 1 b k
W=+ oo (@0 w)BY = S(br, x)BL). (26)
k
Proposition 5 characterizes the changes in output.
ProrosiTION 5. For any &,

~(k
i >0,

(k) > . k) <
;)20, >k, asﬁi)go,
() > . B >
y;) 20, <k, as 65(2120.

Output rises for tasks of type k. The output change is in the same direc-
tion for all tasks of type j > k, rising if Bﬁck) < 0, so more labor is devoted to
these tasks, and falling if 62") > 0. Similarly, the output change is in the
same direction for all tasks of type j < k, falling if 8", < 0 and rising if
Bﬁﬁl > 0. Thus, for p > 1, output falls for tasks of types j > k, and for p < 1,
output rises for tasks of types j < k.

Proposition 6 shows that the size of the output changes above and be-
low k are damped—whatever their sign—for more distant technology

types.
ProrosITION 6. For any £,

ﬁk)‘ < 5,&’“>| <..< ]&ik—)l >

~ (k)
k+1

(k)

> | Phre

> >y

D.  Prices and Wages

Next, consider prices and wages. The price of a task rises or falls as its out-
put change is less than or greater than the output change for the final
good. In particular, from equation (16) and proposition 1,

1, .

p= =y, —3Y),  allj (27)
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Proposition 7 describes price changes. For tasks of type k, price falls. For
types j # k, price rises if output falls, and the size of the increase is
damped for types more distant from k. The sign of the price change is am-
biguous if output rises, but the price changes are nevertheless ordered,
even if there is a sign change somewhere along the chain. Price decreases,
if they occur, are clustered among types near k.

ProrosITION 7. For any k, an increase in technology x;, implies

< 0.
For j <k,

~(k ~(k ~ (k) . h
0<p’<p’<..<p’, i <0,

~(k ~(k ~(k . k
<< <, ey >0,

and some or all of the latter price changes can be negative. For j > &,

0<p’<ph<..<pl, ifg >0,

Who<o<pt <P, iy <o,

and some or all of the latter price changes can be negative.
Next consider wage changes. It follows immediately from condition (5)
that

ﬁ}(h’) = IBIEk) + (z)x(h’ xk); h € (b/rl; b/c),
w(h) =p",  he(bh),  jEk

For workers in skill bins j # k, wages change only because the price of
their output changes. Hence, the direction and size of the wage change
are the same as those of the price change and are equal for all workers in a
skill bin. Workers in skill bin kalso experience a direct productivity effect,
which is increasing in the worker’s own human capital 4.

Proposition 8 describes the one case where a technology improvement
necessarily raises all wages.

PropPOSITION 8. If p > 1, then for any &, B, <0 implies w(h) > 0, for
all h.

Ifp <1, then Bsﬁl > 0, leaving open the possibility that p,, falls, so wages
fall for skill bin £ — 1.

More generally, if 8 > 0, then workers in skill bins j > k get wage in-
creases, as do workers with human capital near the upper threshold of
skill bin k. If 8 < 0, then wages can fall for some workers at the top of
skill bin k. In this case, prices can fall for some or all tasks of type j > &,
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so that wages fall for workers in these skill bins. The wage declines are
clustered near skill bin £ and are damped for more distant skill bins. In-
deed, wages can rise for workers sufficiently far up the skill ladder.

If 81, < 0, then workers in skill bins J < k get wage increases, as do
workers with human capital near the lower threshold of skill bin k. If
B(k}? , > 0, then wages can fall for some workers at the bottom of skill bin
k. In this case, prices fall for some or all tasks of type j < k, so that wages
fall for workers in these skill bins as well. The wage declines are clustered
near skill bin £ and are damped for more distant skill bins. Indeed, wages
can rise for workers sufficiently far down the skill ladder. The appendix
provides an example where wages decline for some workers.

V. Examples and Applications

In this section, we firstlook at several examples that illustrate the relation-
ship between the results above and those in Costinot and Vogel (2010).
The model is then used to study several substantive questions—the ef-
fects of unskilled immigration or minimum-wage legislation, of opening
up to international trade, of PAM, and of technology heterogeneity.

A.  Relationship to Costinot and Vogel (2010)

In the model here, the technology space is discrete and the focus is on
changes in a single technology. We call such shifts “simple.”

In Costinot and Vogel (2010), the technology space is continuous, and
a shift is described as a change in the density function weighting various
technologies. Specifically, the technology values lie in an interval X =
[a, b], and their weights in the production function for the final good
are represented by a continuous and strictly positive density y°(-) on X.
A technology shift changes the density, from y° to y".

Costinot and Vogel study two types of shifts. A technology shift is “skill-
biased” if the densities satisfy MLRP. By definition, this property holds if
and only if

all x < «x'.

Thatis, the ratio of the new density to the old must be (weakly) increasing
in x. Lemma 5 in Costinot and Vogel shows that after such a shift, every
skill type is matched to a (weakly) better technology. In addition, the two
wage functions satisfy MLRP: the proportionate wage increase is larger
for higher-skill workers.

A technology shift in Costinot and Vogel is “extreme-biased” if there
exists a threshold technology x with the property that the densities satisfy
MLRP above X and the reverse property below k. Lemma 6 in Costinot
and Vogel shows that after such a shift, there exists a skill threshold A*
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with the property that workers with skill above h* are matched with better
technologies and those with skill below #* with worse technologies.

To compare the results here with those lemmas, we need to approxi-
mate discrete distributions with continuous densities and vice versa.

1. A Continuous Approximation to a Simple Shift

Fix the discrete technology levels and weights {«x;, ’Yj}//':h and consider an
increment of ¢ > 0 to technology k. For the continuous approximation,
leta=x —6andb=x +6(orb=ux +6+¢if k =]), where 6 >0
is small, and let 4 be a continuous and strictly positive approximation
to {y}. The increment to x,is captured by a shift in the density y° to 4" that
replaces weight near x;, with weight near x, + ¢.

Clearly, such a shift never satisfies MLRP. The ratio y"(x)/y°(x) is unity
except near x;, where it shrinks almost to zero, and near x, + ¢, where it
explodes. Hence, no shift of this type satisfies Costinot and Vogel’s defi-
nition of skill-biased. The simple shifts considered in Section IV satisfy
FOSD, but not MLRP.

2. Skill-Biased Shifts

As the previous example suggests, in the discrete framework a technology
shift that satisfies MLLRP requires combining a series of simple shifts. One
thatis easy to constructis the discrete approximation to a rightward trans-
lation of the density function. Fix X = [a, 5] and y°. A rightward transla-
tion of y° satisfies MLRP if and only if

Dy'(x) _ Dy'(¥)
(%) ()
where Dy° = dvy°/dx. Thatis, Dy°/v° must be a decreasing function. Sup-
pose this is the case, so lemma 5 in Costinot and Vogel (2010) applies.
For the discrete approximation to v°, choose J large and let ¢ =
(b — a)/] be the size of the shift. Let {x;}_, be a uniform grid with step
sizee, x, = a + ¢/2,and x; = b — ¢/2. Define the probabilities {y,}/_, by

all x < &/,

x,—¢/2
77=J ¥°(z)dz, ji=1..,].
x;+e/2
In addition, let x.; = b + ¢/2 and v;4; = 0.
Consider a rightward translation of 4° by ¢. In the discrete approxima-
tion, this shift changes the probabilities from {y} to {},}, defined by, = 0,
and

'Ay]ur]:'yj, ]:l,,]

Moreover, this shift clearly is isomorphic to the sum of Jsimple shifts of
the type described in Section IV.
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Therefore, summing the changes in equation (20), the net effect on
the thresholds is

(1) (2)
AT+ A

J AY + A
B=MIAY =M ,

ALY+ 4,
where
AY + ALY = p(¢u(b ) — el xi1)) — (B4 — ¥i), all k. (28)

As shown in the appendix, for each k&, both of the terms on the right in
equation (28) have order ¢. Hence, the terms A,(f) + A,Ekﬂ) and the vector
(8 also have order ¢. Recall that 8 is defined in equation (18) as a deriva-
tive, so the vector of shifts in the thresholds induced by a rightward shift
of size ¢ in the technology distribution is 8. Since f itself has order ¢, the
vector of changes in the thresholds has order &

Does this mean that there is no task upgrading? In the setup here, no
change in the thresholds means that every worker, in every skill bin, works
with a technology that has improved by . Thus, every worker experiences
task upgrading. Similarly, every absolute technology level experiences
skill downgrading.

3. An Extreme-Biased Shift

For J = 2, ashift thatis extreme-biased can be constructed from two sim-
ple shifts. Specifically, an increment of —& <0 to x;, together with an
increment of & > 0 to x,, satisfies the required condition. Let b, denote
the new threshold. Workers with skill below 2* = 131 experience task
downgrading, and the complement experience task upgrading, in accord
with lemma 6 in Costinot and Vogel (2010). Workers who remain in the
same bin after the shift experience a change of size || in their technol-
ogy. If b} < by, then workers with skill 2 € [§, b;] experience a larger in-
crease. If b, < bj, then workers with skill 4 € [y, 4] experience a larger de-
crease.

B.  Unskilled Immigration, Minimum-Wage Legislation

The model here can be used to study the effects of immigration by un-
skilled workers or minimum-wage legislation. Indeed, except for a sign
change, the two policies are identical: low-skill immigration adds a seg-
ment of workers at the bottom of the skill distribution, while minimum-
wage legislation subtracts a segment. The method for analyzing the effects
on wages at all skill levels is exactly as in Section IV, except that the exog-
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enous shock is a change in the supply of labor of a particular type, instead
of a technology shock.

Take as a baseline the economy with the skill range (%, #max) . Choose
¢ > 0, and suppose that individuals with % € (Apin, fimin + €) are prohib-
ited from working, as would happen if immigration by low-skill workers
is prevented or a minimum wage is imposed. Let 5" (¢) denote the new
equilibrium thresholds, as functions of ¢. The lowest threshold after the
change is " (€) = humin + &, while the top threshold bj("') = Ry 1S UND-
changed. The (endogenous) changes in the other thresholds are deter-
mined as for a technology shock.

Formally, define 3\ as the slope of the function 4" (¢), scaled by the
density for skill at that point,

P = g,
Y A S Y
B}w) = O

Differentiate equation (13) and use equation (11) to get the analog of
equation (20),

B(w) — MA(W)

where M is as before, and here the exogenous shock is the perturbation
to labor supply at the bottom of the skill distribution,

w, 1 w,
A = g (b, 2B > 0,
1
AY=0 j=2..,]-1
Since A™ has only one nonzero element, it follows that

'6(.1“) — le’lAiw)’ ] — 1, ,] - 1

J

Hence, by lemma 2, all the thresholds shift upward: B](-w) > 0, where j =
1,....,]— 1

Using equation (12) and the argument in the proof of proposition 5
(proofs for propositions 5—7 are in the appendix), the effects on task out-
puts are

A(w 1 ¢ w .
7 =~ (a5 o) <0 =,
J J

~lw 1 w.
¥ = =g el y)B <0,
J
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where {d}/_] and {y,}/_, are defined in the appendix. Hence, output of
every task falls. Using the argument in the proof of proposition 6,

A,(ij)l ‘. ‘I’j dj+1¢j+2 + ¢j+1 d)(b], xj+1)
5" "V dia Y (b

)<1, j=1,...,J-1,

so the changes are damped farther up the task ladder,

Bl > 5 > oo > [ ] >[5

Under the argument in the proof of proposition 7, the proportionate
price changes satisfy

Pr>pe> > >y

Since {»;f; = 0, prices rise for a set of tasks at the bottom of the ladder
and fall for the complementary set. That is, there exists 1 < k£ < J such
that , > 0 for j < k and p; < 0 for j > k. Moreover, the largest price in-
crease is at the bottom of the task ladder, for j = 1, with more damped
changes for 1 < j < k. For tasks at and above the kth, the price decreases
are larger farther up the task ladder.

Wages changes exactly parallel the price changes. Thus, a policy that
eliminates workers with skills in the range (%, #min + €) raises wages
for the remaining workers in skill bins 1 < j < k, where price has gone
up, with larger increases farther down the skill ladder. Wages fall for
workers in skill bins k and above, with larger declines farther up the skill
ladder. Thus, the policy hurts the workers with & € (Zin, fomin + €), who
lose their jobs; benefits workers in a range just above that group, who
gain from the exclusion of close competitors; and hurts workers at the
upper end of the skill ladder, since relative output levels for complemen-
tary tasks fall. The workers with skill just above #,,;, + gare the biggest win-
ners. The minimum wage that is required to induce this shift in the base-
line economy can be backed out,

Wmin — w(W)(hmin + 8) > w<base)(hmin + 8) > w(base)(hmin)-

Figure 2 displays the results for a numerical example. The substitution
elasticity between technology and skill isn = 0.5, and the two inputs have
equal weight, w = 0.5. Four values are used for the elasticity of substitu-
tion across tasks, p = 0.5, 1.002, 2, and 6. The probability vector vy for
technology types is a discrete approximation to a Pareto, with shape
and location parameters of unity, and the skill distribution is a truncated
lognormal, with mean and variance of unity, so

n =205 w0=05 pe{0.5 100226},
)\F = 17 Xmin — 17 1523 = 17 and 0_‘2 = 1
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Figure 2.—Wage changes from minimum-wage legislation.

In each economy, the experiment eliminates 1 percent of the labor
force at the bottom of the skill distribution. The wage function in these
economies is steep at the bottom end, so in each case the wage at the first
percentile is about 22 percent higher than that at the bottom, and the re-
quired minimum wage is about 22 percent higher than the lowest wage in
the baseline economy. Because labor productivity is very low at the bot-
tom of the skill distribution, the reduction in final output is small—be-
tween 0.22 percent and 0.30 percent, with lower elasticities producing
larger losses.

Virtually all of the loss is borne by those who lose their jobs: the total
wage bill for those who remain employed is almost unchanged. Thus,
in this particular example the loss from banning immigration or from im-
plementing a minimum wage falls almost entirely on the group thatis di-
rectly excluded from employment. But in line with the theory, figure 2
shows that wages rise slightly for workers with skill in a small range above
h,, + ¢ and decline slightly for workers farther up the skill ladder.

C. International Trade

The effects of international trade, for two special cases, can be analyzed in
a similar way. Consider a world with two countries, one large and one
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small, that differ only in their skill distributions, and assume that all tasks
are costlessly tradeable. With costless trade, the equilibrium has a single,
integrated world economy.

Suppose the large country’s workers have skills in the range [/, + ¢,
Rmax), While the small country’s workers have skills in the range (%,
hwin + €). Under autarky the large country’s economy is like the one in
the previous section with low-skill immigrants excluded (or with a minimum
wage), while the small country has a workforce that is almost homogeneous
and produces the entire range of tasks. With free trade, the integrated
world economy is like the one in the previous section with immigration
(or without a minimum wage).

Hence, the effects on the thresholds, task outputs, prices, and wages
for the large country are exactly as in the previous example. With trade,
workers in the small country specialize in the lowest tasks, and all workers
in the large economy experience task upgrading. World output of every
task is higher in the integrated economy, but the proportionate output
increases are damped farther up the task ladder. Hence, the proportion-
ate price changes in the large country satisfy

h<p< .. <pa <
Since the weighted price changes sum to zero, prices fall for a set of tasks
J < k and rise for the set j > k.

Wages in the large country follow the same pattern, falling for workers
in skill bins where price has gone down and rising for those where price
has increased. Trade with a skill-poor partner hurts workers in the lower
part of the skill distribution, with the biggest losses at the bottom of the
ladder. Trade benefits workers at the upper end of the skill ladder, since
output of complementary tasks increases, with the biggest gains going to
those at the top of the skill ladder.

The usual gains-from-trade argument implies that both countries enjoy
increases in total output of the final good. Hence, trade benefits all the
(very similar) workers in the small country. In the large country, where
labor is heterogeneous, there are losers as well as winners.

D. Gain from PAM

To analyze the gains from PAM, it is useful to introduce firms and com-
pare economies where skill is and is not observable to firms.

Suppose that each task is produced by many firms, which hire labor
and sell output. Labor and task markets are competitive, so price equals
unit cost for all tasks, all revenue is paid as wages, and there are no profits.
Then task outputs, task prices, and the wage function are uniquely deter-
mined. The number of firms and their sizes are indeterminate but also
irrelevant.

If skill is observable, then the equilibrium is exactly as before, and the
economy-wide average wage is E[w(h)] = yg. If skill is unobservable, then
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firms must hire indiscriminately and pay all workers the same wage, so in
the economy with no PAM (NP), the common wage of all workers is aver-
age output, wxp = Ypnp. Hence, the social gain from PAM, the increase in
the average wage, is the difference in final output.

To quantify the gain, we can use a second-order approximation to the
production function for final goods and, for the NP economy, approxi-
mations to the task output levels. For the NP economy, both calculations
are straightforward and require no additional assumptions. For the econ-
omy with PAM, approximations are more difficult. Thus, we restrict atten-
tion to economies where technology and skill have similar distributions,
so closed-form expressions are available. In addition, we require p > 1.

To approximate final output, fix a vector (y, ...,y of task inputs, and
let y = vy, o2 = Zv;(y — )%, and ¢, = 0,/7 denote respectively the
mean, variance, and coefficient of variation (CoV). Then final output is

o/(0=1)
F(yl,...,y/) = <271y/(‘p1)/p>
J

11,
#y(1—-=¢),
y( pQ(“)

where the second line approximates around (y, ..., y). Thus, final output
is the mean of task output, adjusted for its CoV, where the weight on the
adjustmentis the inverse of the substitution elasticity across tasks. Hence,
the change in final output from introducing PAM has two components:
the change in average task output y and the change in the CoV adjust-
ment, the term in parentheses. As is shown below, the first is necessarily
positive, but the second can have either sign. Note that the approxima-
tion is good only if the CoV of task output ¢, is not too large. At a mini-
mum, we require ¢ /2 < p.

Fix the technology and skill distributions, and let (%, o2, ¢,) and (h, 0%, ¢;)
denote respectively the mean, variance, and CoV for each.

For the NP economy, let ¢(x;) denote average labor productivity at a
task with technology x;

(29)

g(x) = Efo(hx)],  allj.

Task outputs in the NP economy are

Ynp = Z(xl, e x])q”(x,), all 7,

where

Z(x, .., ) = (2/1 yig"! (M:))l'
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Hence, labor per task Z¢*~'(x;) is increasing in j. Average skill is the same
across tasks, and better technologies are exploited (only) by allocating
more labor to those tasks. First-order approximations to ¢ and Zimply

) —w), an, (30)

e & q(x) |1+ -
JjNe ‘I(x) q(D_C) X

so task outputs have mean, variance, and CoV

e = q(x),

0—32“\“’ = (pql)Qo-i’ (?)1)
R ’

cyNP = P q Cy,
q

respectively.

To analyze the equilibrium with PAM, a tractable family of economies
consists of those with technology and skill distributions that jointly satisfy
the following assumption.

ALIGNMENT ASSUMPTION.

Let p > 1; define

1—w n/(n—1)
ay = |:(P - 1) ] P

let {x} be a fine grid over its whole range, and let {;} and G together have
the property that =_,7y; & G(ayx,) for all x;.

Under the alignment assumption, skill has approximately the same dis-
tribution as technology, butscaled by a,. Thus, ﬁ/ic = ay,and ¢, = ¢,. Let
cdenote their common CoV. For these economies, the competitive equi-
librium with PAM has the property that both the ratio of average skill to
technology, a;, and labor per task, unity, are approximately constant across
tasks.” Better technologies are exploited (only) by allocating labor with
proportionately higher skill. Hence, task outputs are

yjP & ¢X;, all j5

with mean, variance, and CoV

o ® ¢oy, (32)

1 This solution is exact if x has a continuous distribution or % has a discrete distribution.



Technology, Skill, and the Wage Structure 369
respectively, where ¢ is evaluated at (a;, 1). Thus, the CoV for task output

is the (common) CoV of the technology and skill distributions.
Under the alignment assumption, the mean and CoV of task output in

the NP economy are
B e Ac®
XX -—,
Ine 9

(33)
1 — BA¢*/2
e X — €,
T - A2
respectively, where
1
Alp,m) = —(p — 1) >0,
no
(34)

B(p,n)E(p—l)—%(p—Q),

and Bcan have either sign. By definition, both ¢ and ¢’ are positive, which
requires

—<— and —<-—. (35)

Recall from equation (29) that PAM affects final output by changing
the mean and CoV of task output. Since ¢ is strictly concave, the effect
through the mean is always positive: from equations (32) and (33),

2

A
Far & a‘c¢<1 - 76) < %6 ~ .

Clearly, the size of the increase is increasing in ¢: a higher CoV in skill and
technology increases the gain from PAM. And since A is increasing in p
and decreasing in 7, better substitutability across tasks increases the mean
gain from PAM, while better substitutability between skill and technology
reduces the mean gain.

The effect of PAM through the CoV of task output can have either sign.
From equations (32) and (33), it reinforces or mitigates the mean effect,

11, 11 ,
(1-554)2( )

or, equivalently, as ¢p S ¢yxp, Or as

pxq 1 — BAc*/2 (36)
g 1-AF/2°

1

VIA
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For A > 0, the inequalities in expression (36) hold as B< 1, where the ap-
proximations in equation (29) require

¢ 1 — BAZ/2\*

There are several cases, depending on p. In all cases, good approxima-
tions to Fand to ¢, ¢’ require ¢? to be small. At a minimum, ¢* must satisfy
expressions (35) and (37).

CaseA. Asp | 1, expression (34) implies A — 0 and B— 1/7, and ex-
pression (36) implies lim,_;cxe = ¢p. As the production function for fi-
nal output converges to Cobb-Douglas, the CoV effect contributes noth-
ing to the gain from PAM.

CaseB. Ifp e (1,2), then B> 1and cne < ¢p In this case, the CoV of
task output is smaller in the NP economy, mitigating the gain from PAM.

Case C. Ifp = 2, then B = 1 and ¢y = ¢p. In this case, the CoV ef-
fect contributes nothing to the gain from PAM.

CaseD. Ifp > 2,then B < 1and ¢xp > ¢p. In this case, the CoV of task
output is smaller in the economy with PAM, further increasing the gain
from PAM.

Cast E.  As p — oo, expression (34) implies A— 0 and BA—(np — 1)/
n° < 0, so expression (36) implies lim, _...cxr > ¢p. As task inputs become
perfectly substitutable, the CoV adjustment necessarily increases the gain
from PAM.

In summary, the CoVadjustment for task output mitigates or reinforces
the gain from the mean effect of PAM as p <2 or p > 2. Itis zero at p = 2,
and it also vanishes as p | 1.

The elasticity of substitution 7 affects the magnitude of the CoV adjust-
ment. To see this, consider the two extremes. Note from expression (36) that
lim,_.,B = 1, so as the task production function ¢ converges to Cobb-
Douglas, the CoV adjustment contributes nothing to the gain from PAM.
At the other extreme,

+o0, p <2,
limB = 1, o =2,
7—0

—oo, p>2.

Exceptin the special case p = 2, as ¢ converges to Leontief, the size of the
CoVadjustment diverges, with the direction of the effect depending on p.
E.  Heterogeneous Technologies

To assess the effect of technology heterogeneity on the wage distribution,
we can compare the baseline economy with one that has the same skill dis-
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tribution but a single technology level. To focus on wage inequality, we
choose the single technology level so that final output is the same in both
economies. Then the total wage bill is also the same, and only the distri-
bution of wages across workers changes.

With a single technology level, there are many equilibrium skill alloca-
tions, but task outputs, final output, and wages are uniquely determined.
In one equilibrium, each task is produced with a pro rata share of all skill
levels. For convenience, we use that one to calculate the common tech-
nology level that keeps final output unchanged.

To keep final output yr unchanged, output of each task in the homogeneous-
technology (HT) economy must be yur = yur = 9y, for all j. Hence, the
required technology level x;;; satisfies

yur = Ex[o(h, xur)] -

Then, from equation (2) and condition (5), the wage change for aworker
with human capital & € (-, b;) who is in skill bin jif technologies are het-
erogeneous, is

wer(h) _ $(h, xur) (yx>/ he (b 88
W)  (x) \y) < (2 8) Y

There are two forces, working in opposite directions.

In the baseline economy workers with lower skill are matched with
worse technologies. Hence, a worker who in the baseline economy would
be in skill bin 7, with x; < x1, becomes individually more productive. This
effect works to raise his wage, the first term in equation (38). The reverse
occurs for workers in skill bins with x; < xr, so this effect works to com-
press the wage distribution.

But task prices also change. In the baseline economy, output y; is in-
creasing in x; and price p; is decreasing. Hence, a worker who would be
in skill bin j, with output y; < yyr and price p; > pyr = 1, suffers a cut in
his product price, the second term in equation (38). Output can rise be-
cause the technology improves, because the average skill of coworkers
rises, because employment rises, or any combination. This price effect,
which is reversed for workers in skill bins with y;, > yyr, works to spread
the wage distribution.

The relative strength of the two forces depends on the distributions for
technology and skill. For an analytical assessment it is convenient to con-
sider economies that satisty the alignment assumption in the previous
subsection. Then in the baseline economy, all workers in skill bin j have
human capital of approximately k; = a;x; and produce

y; & qS(h,-, xi) = x;¢(au, 1), all j.
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In the HT economy, they produce ¢ (4, x:r). Hence, the wage change is

Alnw(hj) = lnw—llny}{—T
o(hx) oy

= In (15(“11, XHT/Xj) 1 ln( YHT xH'l‘)

don " blan 1 5 "

¢x 1¢X ¢XX ¢X 2 1 12

N EA 4 — A+ x — = (A - 2 A

6 2¢<¢x <z>)f Xo p<f 9%
lpo—11—1

where the second line uses Euler’s theorem, the third uses second-order
approximations for ¢(ay, xir/x;) and In(xr/x;), the last substitutes for
$./¢ and ../6,, and

XHT

1+4A =22 anj,

Y
%

1 yHT
= —“In[—2" ),
Xo 1Y n<xHT¢(aH>1>)

The coefficient on the quadratic term in equation (39) is negative, and by
construction the average wage is unchanged, so x, > 0. Thus, workers
with skill near the mean enjoy a wage gain, and those sufficiently far from
the mean experience losses.

Figure 3 displays, for the same numerical examples as in figure 2,
the effects of eliminating heterogeneity in technologies. In each of the
four economies the common technology x;,ris chosen so that final output
(the total wage bill) is unchanged. As shown in figure 3, the neteffectin all
four economies is to depress wages at both ends of the skill distribution
and to raise wages for those in the middle. The loss function is approxi-
mately quadratic, as equation (39) suggests, even though here the distribu-
tion functions for skill and technology are very different from each other.

Interestingly, in every case the variance of log wages in the HT economy
is slightly higher than that in the baseline economy. In these examples
technology inequality reduces wage inequality, because of substantial price
effects.

VI. Conclusion

The analysis here has focused on the effects of technology changes, but
the framework could also be extended and used to examine other ques-
tions. As illustrated by the examples in Section V, it could be used to study
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Figure 3.—Wage changes from homogeneous technologies.

the wage shifts arising from changes in immigration, minimum-wage,
and trade policies.

It could also be used to revisit the role of labor market frictions in gen-
erating unemployment and producing job ladders. The model here is
close to the one in Lise, Meghir, and Robin (2016), which also uses a
framework with heterogeneous workers and technologies and a CES pro-
duction function that combines the two inputs. Relative to that model, the
one here drops search frictions but endogenizes the task prices—output
prices across worker-technology pairs. Here there is a downward-sloping
demand curve for each task, and its position depends on final-good pro-
duction. This fact produces interactions between the wages of different
workers employed at the same task and at different tasks. Closing the
model in this way provides a microfoundation for the match surplus func-
tion, a function that most frictional-search models take as exogenous. As
a consequence, the model here produces a nondegenerate distribution
of workers across technologies/tasks, even in the absence of search fric-
tions. Thus, it offers a richer framework for asking how important frictions
are in generating wage differentials across workers.

In the framework here, individuals work in isolation to produce tasks
outputs. But most goods and services, whether for consumption or invest-
ment, are not produced by single individuals. Aggregating tasks into goods
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requires additional information about which tasks are involved and how
they are combined—a better understanding of what goes on inside firms.
And since a firm may produce only one task or a wide variety of goods,
these questions also require thinking about the boundaries of a firm, about
the choices of which set of tasks/goods/services to sell in the marketplace,
which tasks to produce in-house, and which tasks to purchase in the mar-
ketplace.

Tackling these questions is important for connecting the job/occupa-
tion decisions of individual workers with the outputs of goods/services
measured in most data sources. Moreover, the patterns for recent wage
changes suggest rather strongly that firms are important in determining
how technical change gets translated into rising wages.’

Wage inequality has displayed large and long-lived shifts over the past cen-
tury, as described in Goldin and Margo (1992), Goldin and Katz (2007,
2008), and Autor and Dorn (2013), and many of these shifts are surely
due to changes in technology. A large increase in wage inequality leads,
understandably, to calls for policies to deal with it. But to such formulate
policies, we first need to better understand the underlying sources of wage
inequality.

Appendix
Al.  Proof of Proposition 1

Use equation (19) in equation (14) to find that

1

N J
Je = w3 (90 %) = 9 (b-1, %))
Y

Hence, it suffices to show that

I=1 [ by
0= %P;‘yr e 'Y/Hp?ﬂyﬁl (b x.1) ) 8%
j=1 ‘IIJ \7=

7

= (773)/ 7/+1y7+1) (k)
= — == — 2= w(b)B;
o — 1]21 ‘I’j \I,j+1 ( J) J

o 121 /vé(b;, x; ° Y10 (b, x4 e B
e 12( : (\Ij L e éjﬂj ) )‘1’(1%%/) "yw(8)6,",
j=1 j

]

where the firstline uses equation (15) and the fact that ,Bf)” = ﬁ}k) = 0, the second
uses condition (5), and the third uses equation (9). From equation (13), the term
in the outer parentheses in the last line is zero, for all j. QED

5 For example, see Song et. al. (2018).
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A2.  Matrix M and Proofs of Results 2-8

Differentiate equation (13) and use equation (11) to get

A](k) - ¢(b/ l’xJ)B

1 (k)

l .
- ¢(bj+1, X;H)ﬁj('i)l, ] = 1, ’] - L

+1

r€<

e

Write this in matrix form as

AP = 78"

where A" is defined in equation (21) and T is a tridiagonal matrix of dimension
(J — 1), with rows (0, ..., 0, ¢, @, d11, 0, ..., 0), where

a, =p — (& +¢a)>0, j=1,..,]-1,

b1 (b, 1) — u (b %) :
5 = >0, =1,...,] — 1,
) <) b
) (AT)
o= golhx) <0 =2,
1 .
d E_V¢(b/’x/)<0’ j=Lo -1

]

The matrix in equation (20) is the inverse, M = T
To characterize M, define the constants {,}'-) and {{;}, by

00 = 1,
0 = a, (A2)
0 = a1 — ¢;db; s, 1=2,... ,] -1

k[/j =1,
Rb/—l = -, (A3)

Vi = ain — cndiice, i=]-2,...,1

Lemma Al shows that these constants and certain sums are positive.
LemMa Al. The constants satisfy 6; > 0 for all ¢ and ; > 0 for all 4, and, in
addition,

0,0 +cb >0,  i=2..,]—1, (A4)

Yi + diin > 0, i=]—2..,1 (AB)
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Proof of Lemma Al. Use equation (Al) in equation (A2) to find that
0; + cia0imy = p8:0;-) — di(0,-1 + ¢.0,-9), i=2,...,]—1.
Since pé; > 0, d; < 0, and ¢;;; < 0 for all 4, it follows that
6,.,>0 and 6, +¢0, s>0=>0,+¢.,0,.,>0 and 0,>0.
Since 6, = @, > 0 and
0, + &by = a + >0,

by induction expression (A4) holds. Similarly, use equation (Al) in equation
(A3) to find that

Vit dibier = pditbicr — ot (Yie1 + dici¥iso), =] —2,...,1,
SO
Yier >0 and Yy + dinine > 0> ¢ + diyisy >0 and ¢, > 0.
Since ;1 = @, > 0 and
Vi Ty = gy + diy >0,

by induction expression (A5) holds. QED
Proof of Lemma 2. The matrix M has elements

1
My = 0, 1¥i1, n=1..,]—1,
01
_ Vs .
Mitin = ~Cr1 5 — My, ] =n,... ,] -2, (AG)
Vi
0
Mi—1, = _dj]_2m711> j=mn,..,2
0"71

(see Huang and McColl 1997). Since 6,, ¥, > O and d;, ¢; < O for all i, clearly my, > 0
for all j, n. In addition, clearly the columns satisfy equation (23), where

Yo
1 = TG s = 17 Y 2,
e ! (A7)
0. . .
o = *d;(,’—j, j=2..]

QED
Proof of Lemma 3. From the definitions of &)X and ¥,

by

(7, h)dh
A;ﬂk) _ pd)x(bk: Xk) _ L ,d) ( Xk)g( ) ,

(bi- %) J (k. x.)g(h)dh

b

and since ¢ is a CES function,

é.(h,x) = (1 — w)x"¢(h, x)"".
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Hence, A" % 0 as

J" (k3 (06(bir %) = G(h, %)) g(h)dh 20, (A8)

by

An analogous argument (with careful attention to signs) establishes that A,(f_)l % 0
as

J/‘ &(h, %) (06 (bi-v, %) = d(h, %)"" ") g(h)dh Z 0. (A9)

by

Recall that ¢ (-, x,) is increasing in its first argument, and n < 1. Forp > 1, the term
in the outer parentheses in expression (A8) is positive over the range of integra-
tion, so A" > 0.Forp < 1, the term in the outer parentheses in expression (A9) is
negative, so Ay, > 0. In other cases, the signs are ambiguous. QED

Proof of Proposition 4. For p = 1, the claims are immediate from equation (22)
and lemmas 2 and 3. For p # 1, the same is true for k = 1 and k = J, since equa-
tion (22) has only one term.

Forp # 1and k # 1, ], use the first line of equation (23),withj = n = k — 1,in
equation (22) to find that

K k K
E:) = (]kmk—l,k—lAi—)l + mk,kAE:)

" (A10)
= (_CkekﬂA/(gk—)l + ek—lA;((k)),
0171

where the second line uses equations (A6) and (A7). Similarly, use the second
line of equation (23), with j = n = k, in equation (22) to find that

Bgf—)l = mk—l,k—lAg}i)] + Tk—lmk,kA;(f)
0, (All)
= # (_II/kAijl - dkl//k+1A§<k))~
J-1

Suppose p > 1. Then A} > 0, so the second term in equation (A10) is positive.
If, in addition, Aikjl > 0, then the first term is nonnegative, so Bi’“) >0.If A;(f,)l <0,
then

b
0< [ B(h, )" g(h)dg

by

i

< pop(bi 1, xk)l/"*lj o(h, x,)g(h)dh

by

by

< p$(b, xk)l/"*lj &(h, %) g(h)dh,
b
SO \Aikfl| < Aﬁf). Hence, by lemma Al the sum in parentheses in equation (A10) is
positive. In equation (A11), the fact that |A}”;| < A" does not help in applying
lemma Al, so the sign is ambiguous.
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Similarly, suppose p < 1. Then AP >0, s0 the first term in equation (All) is
positive. If, in addition, Aik) > 0, then the second term is nonnegative, so 8, > 0.
If A" <0, then

j‘¢w,mr”guo@z>p¢whmr“*j‘¢w,mm<mdh

b b
b

>pammmYW1 $(h, x)g(h)dh > 0,
by
SO |A,({k)| < A%Y,. Hence, by lemma Al the sum in parentheses in equation (Al1) is
positive. In equation (A10), the fact that |A{’| < A, does not help in applying
lemma Al, so the sign is ambiguous. QED

Proof of Proposition 5. Recall from equation (Al) that

¢(b %) = ¢(br.x)d,  allj. (A12)
For j > k, use the first line of equation (24) in equation (25) to find that

(k)

3 =5 (6(b. %) g, = $(b-1. %))

'6‘»—*

1 \l/,u

L(ates 1)¢<@4,»@>6zz

0, a56k>>0

(A13)

AV

where the second line uses the definition of ¢, the third uses equation (Al12), and
the last uses lemma Al and proposition 4. Similarly, for j < k, use the second line
in equation (24) in equation (25) and the definition of 7, to find that

~(k 1 !

3 = g (0(b.%) — 110(5-1.))8)"

1 0,

?@@m+¢fﬂﬂwﬂw
-1

1 6,
-3 (1 + @ﬁ)ﬂ% %)B/"

(A14)

20, as B, 20, j<k

For j = k, the first term in equation (26) is clearly positive. If p > 1, then the
second term is also positive. If, in addition, 65{'1)1 < 0, then last term is nonnegative
and 3 > 0. If B, > 0, use the fact that equilibrium requires

&(bi=1, x=1) i = D(bier, %) Py
before and after the shock. Hence,

(k)

Pt = e = (Du(bier, %) — Du(bier, x1)) g(bk:]) + ¢.(bi, %), (AlD)
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For ﬁik_)l > 0, both terms on the right are positive, so [)k < f)k,l. Hence, y, > Y1,
and as shown above, in this case 5)»5‘:)1 > 0.

If p < 1, then the first and third terms in equation (26) are positive. If, in ad-
dition, B > 0, then the second term is nonnegative, and j}i") >0. If B <0,
use the fact that equilibrium requires

¢(bk; Xk)[?k = ¢(bk; Xk+1)[7k+1,
before and after the shock. Hence,

(k)
ﬁk - i)k+1 = (a’h(bk; xk+1) - 43;[(17;“ Xk)) —4 - <?>x(bk, x}¢+1)~
g(b)
For 6521 < 0, both terms on the right are negative, so }Jk < lfbkﬂ. Hence, 3 > Y1,
and as shown above, in this case j},(fl)l > 0. QED
Proof of Proposition 6. For j > k, use equation (A13), the fact that 8" /8, = ¢,,
and the definition of ¢; to find that

5’]@1 _ _Gn dj+1¢j+2/l//]+1 + 1\#7'4-1 p
5" G A/ 1

— Gl (dj+1l[/]+2 + ¢j+1)
d;¢j+l + %¢j+1 - dj+16j+1¢j+2
_ _C/+1(d7+1¢,‘+2 + ¢/+1) <1, ]_> k,

00 — C;+1(1//]+1 + d,+1¢,+2)

where the second line uses the definitions of ,, the third uses the definition of a,
and the inequality follows from lemma Al and the fact that ¢, < 0.

Similarly, for j < k, use equation (Al4), the fact that Bfﬁ)l/ﬁfb = 7,1, and the

definitions of 7,1, 6;_;, and a;_, to find that

P o dal+ G10)-3/012 0,2

“m
Ji

i 1+ G00/0,0 60
7d/*1(9/*2 + ‘3*10/*3)
d’;lolfg - dfflC"f]o/;g + 6707'72

o)
P81, = diy (02 + G10;5)

<1, j<k

QED

Proof of Proposition 7. For j # k, the claims are immediate from equation (27)
and propositions 5 and 6.

Forj = k, there are two cases. Ifﬁgﬂl > (), then j),sk,)l > (0 and [A?,Ek,)l < 0. Since both
terms on the right in equation (A15) are positive, it follows that j" < ", < 0.
This argument always holds if p < 1, and it holds for p > 1if 8", > 0.

If p > 1 and B, <0, then 5"’ < 0and "’ > 0, for all j < k. In addition, since
B >0, in this case ! < 0and §" > 0, forall j > k. Since X_,»,j} = 0, it follows
that " < 0. QED

Proof of Proposition 8. For h & (b, b,), the claim is immediate from proposi-
tions 4 and 7. For skill bin k, note that @(b,,) = p-; > 0, and @(h) is increasing
in hfor h € (b1, b). QED
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A3, An Example with Wage Declines

For an example where wages fall for some workers, let / = 3 and k = 2, and let
the skill distribution be discrete, also with three types. Let %, {, and j = 1,2, 3
be the skill types and the number of workers of each type. The parameters are

x = 10,000, x, = 4, x =1, x5 = 1.01xo,
hs = 10,000, hy = 4, m = 0.95,

s = 0.99, ¥ = 0.0090, ~; = 0.0010,

4y = 0.988912, 4, = 0.007991, ¢, = 0.003097,

n = 0.22, w=205, and p =12

The vast majority of firms have technology x,, the vast majority of the workforce
has skill 43 = x5, and these levels are much higher than the others. Hence, the
increase in technology x, leaves final output virtually unchanged, and the price
change at x; firms depends almost entirely on their own output change. In the
initial equilibrium, all workers with skill 25 are employed at firms with technology
x5, and all with skill %, are matched with technology x,. Workers with skill %, are
divided between firms with technologies x, and x,. The increase in x, reallocates
some additional %, workers to x; firms, and p, falls. Workers with skill %, take a
wage cut equal to the decline in p,.

A4.  Skill-Biased Technical Change

Here we show that for each k, both of the terms on the rightin equation (28) have
order ¢. For the first term, note that by construction

‘Z’X(blw %) — &x(bk’ Xpp1) = <2>,(bk, x) — <?>x(bk, X+ €)
by P T £
¢ bt ep,

N m(@ ¢€
xe—|— — s
o \o o

where ¢ and its derivatives are evaluated at (b, x;).
For the second term, first note that

u

D

b
J 6.(h x)g(h)dh J 6.(h % + &)g(h)dh
‘i’k_‘i’kﬂ =m -

by

JmMMMMMMh J (h, % + &)g(h)dh

bt by

~ ¢x(jlk, xk) _ d’x(fl}ﬁl’ xk) + 8¢xx(jlk+1, xk)
¢(hk; Xk) ¢(hk+l, xk) + 8¢x(hk+lv xk) ’

where

by
T EJ hg(h)dh,  all k,

b
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is the average value in skill bin k. To approximate 7, in terms of , let H(x) de-
note the inverse matching function in the continuous framework: technology xis
paired with skill H(x). Then, by construction, %, = H(x,) for all k, so

Tusr = by + eH'(x,), all .

Hence,

\i/k - ‘i/kH =1 @ — é. + E(d)xhl—l// + ¢xx)
¢ ¢ +e(dH + o)

¢x(¢hH/ + ¢x) - ¢(¢th/ + ¢xx)
dlo + e(¢nH' + ¢.)]

b (qshH’ F o buH + %)

¢ ¢ N '

so this term also has order &.

A5, The Gain from PAM

For the approximation in equation (29), note that F(j, ...,y) = 3, and

1/(p=1)
5= (Emi"’”“’) vy | =, ally,
k i)
7= Yooy e, | Z Lo Wit
ji y YiY Y Y YV all i # j,
P ;P
[ B T
i Y Y YY)
b 5
1 p) 1
==Y v Ty Y all
py j py j 7]
Hence,
SE@—3) =0,
J
_ _ 10?
SEEW 30—y = =
i Py
For the approximation in equation (31), note that Z(x, ... ,x) = q(ic)'f" and

Z; = zyy; for all i, where z, > 0 is a constant. Hence, 2,Z(x, — x) = 0, and yp

is as in equation (30).
For the approximations to gand ¢/, use Euler’s theorem to find that

2 2
o) ~ 0|1+ (1) %],

T\ ~ 7L Qd)/thx C?L
‘I(x) ~¢x{1 + (§> . 5],

=1 >
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where ¢ and its derivatives are evaluated at (k/%, 1). Under the alignment assump-
tion, 7L/5c = ay. Then by straightforward calculation,

Qi D = —A
) )

% = —BA
b. '

where Aand Bare as in expression (34) and p¢$,/¢ = 1. Hence, pxq'/¢is as in ex-
pression (36).

A6.  Wage Effects of Heterogeneous Technologies

For economies that satisfy the alignment assumption, the wage change from elim-
inating heterogeneity in technologies is

_ 1 H
Aln w(h]) Xy — — (ln x" —1n og) + (ln ¢><(LH,X—) = In ¢(ay, l)>,
P Xj
1 1,
R X0 — EA,,- + el + QSMAW-,
where
_ 0lng¢(h, x)
ST T

. = Fi) x¢, (h, x)
T 0lnx \ p(hx) )
For the elasticities, note that

¢(h, x) = [mh(nﬂ)/n + (1 _ w)x("ﬂ)/qﬂ/(ﬂ_l),

¢.(h,x) = (1 — w)xil/”¢>(h, x)l/",

6uh3) = (1= @) (0 (% - 2),
7 ¢
SO
xb. o B\ b
p =(1 w)d;(;,]) i
X P (1 )¢(h l)fw—n/n(mx 1)
=2(1-wael” xp.
¢ ] x’ o

Note, too, that
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Hence, evaluating the elasticities at (%, x) = (ag, 1) gives

& = =1 - wé(a,l) " =

2
Ew = X gx— x(%) + xZ‘“],

1
o’
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